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Visual Servoing System by Photo-model-based Matching Method
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Recently, robots have been used in industries for mass production with countless merits.

However, there remain many challenges for robots in recognition, pose (position and orientation)

detection operations, especially when the working object is deformable and every working object

has unique shape and color. This paper proposes Photo-model-based Matching Method that has

been adopted since the photo-model can be made at once by taking a photo of the target.In this

paper, I report recognition accuracy and the results of this visual servoing system.
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Fig.11 Ability of Tracking Target in Visual Servoing
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